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ALGEMEEN GEDEELTE

Conditional limit-distributions for the entries in a
2 xX2-table *)

by Constance van Eeden and |. Th. Runnenburg UDC 519.2

Samenvatting

Voorwaardelijke limietverdelingen voor de stochastische grootheden in een
2 X 2-tabel. __

In dit artikel worden de voorwaardelijke [imietverdelingen van de stochastische
grootheden in een 2 X 2-tabel beschouwd. Tevens wordt aangegeven hoe deze

limietstellingen gebruikt kunnen worden om overschrijdingskansen bij een 2 X 2-
tabel te benaderen. _

1. Introduction

In this paper the conditional limit-distributions for the entries in a 2 X 2-
table will be considered.
A 2 X 2-table e.g. occurs in the following situations:

I. Suppose an urn contains r white balls and s black balls; m balls are drawn
at random without replacement. If a;') is the number of white balls in the
sample, the observations may be summarized in a 2 X 2-table as follows:

TABLE 1
| white | black total
in the sample a; ds m
not In the sample a, a, n
total l T l S | N
In this table we have
(1;1) Ap=17T-—0a, g =My, Qg =Nn—1T 1 &

and each of the random variables a; has a hypergeometric distribution. For

a, e.g. we have
( (7'--—- ) (T) ( ----S )
a —a a) \m—a

(1;2) P [a, = a] = ~—— _
“Iﬁ 2 a a . (l:f) (ﬁ)

- *) Report S 254 (M8oa) of the Statistical Department of the Mathematical Centre, Amsterdam.
1) Random variables are distinguished from numbers (e.g. from the values they take in an

experiment) by underlining their symbols.
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2. Let the independent random variables a, and a, have binomial probability
distributions, a, with parameters m and p, a, with parameters n and p. Then,
under the condition a; 4 a, = 7, the random variables a; have hypergeo-
metric distributions. B

3. Let each of the independent random variables x and y assume only two
values, e.g. o0 and 1. Let further N independent observations (x;, ¥;) consist
of a; times (0,0), g, times (0,1), a; times (1,0) and a4 times (1,1). Then, under
the conditions a; + 4, = r and a; + a3 = m, the variables a; have hyper-
geometric distributions.

In the second and third case the observations may also be summarized in a
2 X 2-table.

The exact tailprobability of a 2 X 2-table with fixed marginal totals may
be obtained from the hypergeometric distribution (cf. R. A. Fisher (1948)
and C. van Eeden (1953)). For the upper-tailprobability of a, e.g. we

have (cf. (1;1) and (1;2))
(:3)  Plezal=Pla, 2n—r+al—Pla=<r—a] =

(5) ()

—Plaa<m—al= % 1 /7
las ] = (N)
T

In a 2 X 2-table the symbols m, n, r and s may be assigned to the marginal
totals 1n such a way, that

(1;4) m=n,r=<sandr =< m.

Then, not considering the trivial case when r = o, we have
(1;5) o< rEms=n=<s,

and the tailprobability of the 2 X 2-table may be found from the distribution
of a,. Consequently for the purpose of approximating to the tailprobability
it 1s sufhcient to know the limit-distribution of a; under the condition (1;5).
The form of this limitdistribution (if it exists) depends on the asymptotic
behaviour of the mean & a; = mr/N and the variance ¢ = ¢? (q;) =
mnrs/N2 (N — 1); hence the approximation to be used depends on the mean & a,
and the variance 6% found from the marginal totals realized in the experiment.
The possible forms of the limit-distribution (if it exists) of a, under the
condition (1;5) are: a univalued, a binomial, a Poisson and a normal distribution.
These results are known, but in the literature on this subject we could find
neither an exact proof nor a clear statement of the conditions to be 1imposed
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(",',v-"’ » . » * ¥ &
%" a, and 0% Therefore these conditions (and their practical interpretation

for the approximationproblem) are summarized in section 2; the proofs are
given 1n section 3.

OI

In some cases the distribution of a; does not have a limit, these cases are
treated 1n section 4.

2. Limiting-distributions and conditions

Consider, for v = 1,2, ..., the sequence of 2 X 2-tables
Ql,v 93,1! m,,
EZ,V 941]’ nV
T, S, - N,,

where, for each 7,

- m, Iy,
(2;1) P [a,, = a] = (a)(%i)_a)

Now let lim N, = oo and consider the limit-distribution (under suitable
P Q0

normalization) of a,, for ¥ — 0o under the condition (cf. (1;5))

(2;2) r=m, = n, = s, for each ».
In order to simplify the notation the index v will henceforth be omitted.
Let
H = %99_1'
(2;3) (t=1, 2, 3, 4)
0% &£ o2 (a;)
then
my ms
= N’ s = N mnrs
(2;4) 0% =—
oy ns N2 (N — 1)
_ g == N’ Mg == N
Further
My T Uy =7, U + Ug = m
(2:5) M3‘|‘/i4m3, Ho -~ Uy = N
2 p;=2N
i=1
and
4
(2;6) N > =
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From (2;2), (2;4) and (2;6) it follows that

1 N
(2;7) — e U S OPE S U S U3 S Yy
4 N—1
and from (2;5) and (2;7) it follows that
(2;8) | llm u, = oo.
| V> OO

Let further (infinite values being allowed)

2.2 lim inf u,, 7_2 << lim inf o2
V—>-00 V> 00
(2;9)

2+22 lim sup py, 7.2 lim sup o2,
V— 00 P> 00
If A,_ = A+ (or 72— = 7,2) we say that lim u, (or lim ¢?) exists and denote it
by 4, (or 72). Further (cf. (2;7)) e oo

72 = o 1s equivalent with 4, = o,

if lm wu, and lim o? both exist
(2;10) v—> 00 y—>00

o < 72 << 00 1s equivalent with o << 4, <Too,
72 = 00 1s equivalent with 4, = oo.
Now the following cases may be distinguished

s
]

A

‘-——> '52:—-...._0

A. lim g, and

y—> O0

lim o? exist

p—> 00

A.2.a
2 < A4

A.2.b
2 = }4

l1 A.3
- — sz-_z
(A = o0) |
| and (or)

i
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The cases to be considered are

A.1, A.2.a, A.2.b, A3 and B.

In case B the distribution of a; does not have a limit. This will be proved in

section 4.
In this section we consider the cases

A.1, A.2.a, A.2.b and A.3,

where a, has a limit-distribution. Then the following theorems hold:

Theorem 1 (Case A. 1)

If 12 = o (A; = o) then a; has asymptotically a degenerate distribution

(2;11) lim P [a;, = o] = 1.

Theorem 2 (Case A.2.a)

It o < 7® << A4; << oo then q; has asymptotically a non-degenerate binomial
distribution with expectation 4, and variance 72:

. k
(2;12) im P [a, = a] = ( ) 0° (1 — 6)*(a = o,1,..., k),
P—> 00 | a
where
: A2 m 72
(2;13) kth*rmm-—}--é, 0 =lm-—=1— —,

Remark: In this case a, also has asymptotically a binomial distribution

(2.14) lim P [a, = 4]

P> 00

(h) (1—0)*0**(a =o,1, ..., k).

a

Further u; and u, tend to infinity with ».

Theorem 3 (Case A.2.b)

If: 0 < t*=1; < oo then g, has asymptotically a non-degenerate Poisson
distribution

‘ e—v\; lla
(2;15) Iim P [a;, = a] = (a = o,1, )
V> 00 B a! '
Remark: In this case lim M; = o tor i = 2, 3 and 4. Further all marginal

y—>r 00

totals tend to infinity with .
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Theorem 4 (Case A.3)

. a; — .
If 2 = oo (= 4;) then all random variables = 2 have asymptotically a

S .. o
N (o, 1)-distribution, 1.e.

Uy

ey I .
o e,
o \/ 27

Uy

| &

!

(2;16) Iim P [ul =

> Q0

for any finite u; and uy (u; << uy).

Remarks In this case all u; and all marginal totals tend to infinity with ».
These theorems will be proved in section 3.

Remarks on application

Consider a 2 X 2-table with a large value of N and suppose one wants to
approximate to its tailprobability. Then the abovementioned theorems may
be applied as follows:

The symbols m, n, r and s are assigned to the marginal totals of the 2 X 2-table
in such a way that (cf. (2;2)).

(2;17) rEmsIn=s,
then (cf. (2:7))
(2;18) B = e = g = Yy

In each particular case one has to decide which of the following alternatives
best fits the situation on hand:
1. My 1s very small (say u; << 1). Then according to theorem 1

(2;19) Plagy=o0]l~1, Plg;=1]n~o0.

However, in this case a more useful relation may be obtained by using the
inequality (cf. the proof of theorem 1)

(2;20) P [9,1 = 1] = u.

2. uy and p, are small, ug and u, are large. Then m, n and s are large, 7 is
small and a, has approximately a binomial distribution with parameters r and

m
—, l1.€,

N,

ey Pla—d~ (D) (E)(2) 7 @=onun.

This binomial approximation to the hypergeometric distribution is e.g.
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a

mentioned by H. G. Rom1g (1953) in the introduction of his table of the
binomial distribution. However, he does not mention all possible situations
in which this approximation may be used (cf. also J. Hemelrijk (1954)
in his review of R o m1 g’s table).

W. Feller (1957, p. 57) also mentions this approximation. He gives the

inequalities

(2;22)

(G ) rm = () (G

3. mq 1s small, u,, us and p, are large. Then all marginal totals are large and
a, has approximately a Poisson distribution with parameter u,

e 1y ®
(2;23) Pla, = a] ~ - ' (a = o,1,...).
al

4. All u,are large. Then all marginal totals are large and the random variable
a; has approximately a normal distribution with mean u,; and variance ¢2

)

Ay — I 5
(2;24) P [:"“1'“““ #Ié ul:l S ———= f et du.

3. Proof of the theorems of section 2

3.1. Proof of theorem 1

We have

(3.51) 1=2Plagy=o0]l=1—2Pla=dad=1—2aPla=a] =1 —u,.
- a=l B a=1 B

From A, = o then follows

(3.1;2) lim P [a, = o] = 1.

Y—»r 00

3.2. Proof of theorem 2

my

From 4; = lim ~ > o 1t follows that m tends to infinity with » and from
Y00

m = W, + uzand A; < oo it follows that us tends to infinity with ». Further
(ct. (2;6))

TR
(3.2;1) Im 2 — = 1.

v—>00 1=1 H;
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Consequently, as u, and u, tend to infinity with v and 72 1s finite, we have

2 52
(3.2;2) Iim 2 — = 1.
v—>00 i=1 U;
_ | 2 o2
From (3.2;2), the fact that lim — exists and o << — << 1 it follows that Iim —
52 o0 M A . v— o0 Mo
exists and o < lim — < 1. Consequently 4,22 lim u, exists and o << A, << oo.
p—>00 U9 P> 00

From r = u, + u, then follows that r tends to a finite positive limit; r being
an integer this means that from a certain value of v onwards r remains constant.,

From this and from 4; = lim T and Ay = lim =it follows that lim il
P> Q0 V00 —~3= Q0 N
d 1 st and 0 < lim — < lim — <
_ m — < lim — I.
an vin; i exist and o vin; N = hmoo
According to (1;2) we have
Y S a ' Y—a ‘
()( ) I (m—j+1)Il (n—j+ 1)
a m —da Y y"ml j‘ml
323) Ploy—al= S0 (T
( ) IT(N—j+ 1)
m i1

—————————
L]
L

N

A

N

e =) ()
(T) (m) (n)rmafmk M 7=t "

Further, r having a finite limit and m, n and N tending to infinity with 7,

(3.2;4) lim IT (IWJ“I) — lim IT (I---i""f) — lim IT (ijwmi)ﬂx.

V—>00 =<1 m V—>00 f=1 n v—00 =1 N

Consequently

. ‘ a -l k
(3.2;4) lm P [a=a] = lim (;) (g) (;——T) = (a) 0% (1 — 0)<c—e,

with
(3.2:5) k= lim r, = lLim —.

PV~ Q0 V2> QOO0

Further, r being equal to k for sufficiently large v, a; can only take the k + 1

values o, 1, ..., k and the limits of x4; and 02 are equal to the corresponding
moments of the limit-distribution. Thus
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(3.2;6) Ay = kO and 7 = kO (1 — 0),

consequently
A2 72
2, kR = . l — 1 — —_
(3.2;7) ppp— 7
3.3. Proof of theorem 3
From
4 42
(3.3;1) Iim 2 — =1
y—>oo =1 U;
and o << 72 = A; << 0o 1t follows that lim y; = oo for 1 = 2, 3 and 4. From
P Q0
(2;5) it then follows that all marginal totals tend to infinity with ». Further
.omy
A, = lim — <C 0o; consequently
oo IV
.om LT
(3.3;2) Iim — = o, lm — = o.
Y- 00 Y O

From (1;2) 1t follows that

@ a Y—a
I (m—j+ 1) Il (r—j+ 1) Il (n—j—+ 1)
I = ] = ] ==
(3.3;3) P [5{»1 = a] = z"" — - e
| Il (N—j+ 1)
j=1
A AT
() i () L
oI (m*r)“ j=1 v m /- 'S }‘“I“ n—j-+ 1
al \N us (I____jmx) ic1 N—j-+1
7 == Y@@ -} 1 DJ

Now we have, for each finite a, all marginal totals tending to infinity with »,

(3-3;4) lim 17 (I m’lwlmmi) = lim [/ (1 mltmi) =357

y>00 j=1 m oo j=1 r

Y :
Further, N tending to zero for v — oo,

* 4 — I . i r—a -4 j—
(3.3:5) Im 17 (I 1T ) = lim 11 (I — +J {) == 1.

y—>00 J=t—a-1 PJ y—00 J=1 DJ

Statistica Neerlandica 14 (1960) nr 2. 119



Consequently

I .. "¢ n— 7]+ I
.36 Iim P [a, = a] = — A® lim [/ - =
(3.3;6) _— la, ] 1 o ON—

Now we have

. r m
(3.3;9) rlin (1-—-—-—N e ) < 2 In (I N m wm)é r In (I -—-----).

— T + I j=1 — ] + I N
m Y , ,
Further, — and — tending to zero with », we have
N N
m m oomr
(3.3;10) Iim 7 In (I ) — lim 7 In (1 — ._...) — |lim — = — A
V—> 00 N—r _l— I v—-00 N y—> 00 N

and (3.3;8) follows from (3.3;9) and (3.3;10).

3.4. Proof of theorem 4

From pu, = py = ps = 4 and 4, = oo it follows that all x4, and all marginal
totals tend to infinity. 0 — u,

The proof of the asymptotic normality of the distribution of = -

1s analogous to the proof given by W. Feller (1957, p. 168—173) for the
asymptotic normality of the binomial distribution; i.e. we use Stirlin g’s

tormula for I' (p + 1)

(3.4;1) I'(p+ 1) = (i)p \/27p exp %O(;—)% where'O (—]-:-) I = --—l-:-—

. . . . . A; — W
The proof will be given for 1 = 1. The asymptotic normality of = -
o

for 1 = 2, 3 and 4 then follows from the fact that

(3.4;2) d) — My = — (9_2 — Ug) = — (9_3 — Ug) = Ay — Hg.
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Now we have (cf. (1;2))

p | — m!inlyls!

. ; (1l == d | == -~ i

(3.4i3) 4, Nla! (mma)'(r----a) (n-—-—-—-—r—l—a)
minlrlgl

TNIT (i O (et 0O I (g + 1) I (g + 1)

I'(py 4+ 1) I (uy + 1) I (g + 1) 1" (g + I)
al (m-———-a)'(r—-—-ma)'(n-—-—-r—l—a)'

Further (cf. (3.4;1))

minlrls!
Y NI+ 0Tt O ot D (et 0
I N I
= ovam I N expgol(;) ’
where — as can easily be seen — : -
(3.4;5)

I\| _1/{1 1 1 1 I I I I I 1 ool
Ol(;)ég(—“+“+“+“+”+m+m+“+m)§w2:---- ).
| —

Now we have
o I
(3-4:6) — = — (1 =1, 2, 3, 4),

luz‘_\//_l'—i

consequently (u; tending to infinity with » for each i = 1, 2, 3, 4) for each
positive 0 a ¥ (0) exists such that, for » > v (4),

o
(3.4;7) = 0 for each:i:= 1, 2, 13, 4.
x/m A

Hence, for v > v (d), we have

(3.4;8) 01("{) = E‘é
o o
Now let
(3-4:9) dot = &1
>
then

.

i,

1 » * . » ¥ *
) The relation even holds with the <-sign. For simplicity we use < everywhere in this proof.
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Iy + 1) U (pg+ 1) IM(pg 4 1) L (g + 1)
al (m-—-—--—a)'(r-——-wa)'(n-—-f—{—a)'
Mﬂﬁkﬂm—!—%uuwkﬂmﬂ—#

(3-4;10)

i ——

(‘u/l _I"' JCO')F"’{'“"C’**'% (l,l, e xo')#amx0'+ir (/’63 N xo‘)“ﬂl“"’xa‘{'é’ (fu + xa-) [—L4+x0‘+‘%
)
O

: : SR

D T e T el
i=1 H; + IA“1+ xal l/,cz--—--xal 3-—-—--x0'| l“|‘u4='+' xa“

. exXp

where

(3.4;11)

/1
on(}) =]
2arL 6

Now let | x | = x,, where x, 1s a finite positive number; then, for v > » (9),

o
(3-4;12) | x| — = xo0 tforeach:= 1, 2, 3, 4.
Hs

Let further & be a positive number = %, then we choose 0 1n such a way that
(3.4;13) xo0 = € and 0 = e.
Then we have

A . 0

|

(3.4:14) < 2 eforeacht1 = 1, 2, 3, 4.

g/ | o
(3.4;15) A .
ioz(‘g) = ;{43 + 8¢} = PR
|
Further
i+
(3-4;16) In A

(s £ xoysest =

= ::xalnﬂz:"‘“(ﬂiixa‘{”%)ln(lix

)(zml 2, 3, 4).
i

Consequently the logarithm of the first factor in the righthand side of (3.4;10)
equals
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lu' lu’ { g o
(3.4;17) —x0In™— 4m(ﬂl—l—x0+%)ln(1+x -----)----—mg---xo-t—%)ln(xmx ---)+
HMolls Uy L
o )
— (pg—x0+3) In (Imx “) — (g t+x0+3)In (H—x ...........),
| M3 My
where
(3-4;18) In 2% .
© Uallg
Now we have for | u | = 4
| 2
(3-4;19) In (1 +u) =u——+ 0 @),
where
10 (3 i D I 0 O L <
(3-4;20) [O (W)= |In(1+uw)—u+—1=|— 2 = 2 (B 3=4ul>.
1==3 1 7==3
. . o
Using (3.4;19) with u = 4 x— we find that, for » > v (8) and ¢ < 1,
(3.4;17) equals it
N I
(3.4;21) — 12— 4+ O, (___)’
N — 1 o
where
( )O(I)<I AT S i
4,22 — )= — X e X — —_
3-4 l 30_ o 2 ON"““I ()%m]kluli2 iXO w_;__l/'(,i2
4 L 4 a4
+%‘x04 2 —-—3-{-43{03 PN —
i=1 M i=1 U;
Further we have
4 54 4 52\2 N 2
(3.4i23) > T2 = () =
im1 Mg i=1 M N —1 ¥
and, for v > v (9),
g3 4 2 o N
i=1 Uy 1=] M M — I
i o5 o o
(3424) xo4z“"§mx032m-é.xo—-§4x038,
i=1 My i=1 M s
4 A 4
x03 2 mé“mxoz 2 "“"i':fgé 4x0282
=1 M i=1 U Uy

Consequently, for v > v () and ¢ < %,
o)
o
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Substituting these results in (3.4;3) we obtain, for ———— =< x,, v > v (8)
and & =< 4, o
I mﬁm - I a—iu\4 N a
-4, 6 P = s ....::-*.....V 30 (w)g | e ( 1) I
(3.4;26) P [a=a] o N N P Calg) fexp 1 ) N
where
, : N (]
(3.4;27) 04(-—-) = Ol(--) + 02(._) + O, (.....) <
o | o) o a/ |
I
= -{4et2x’ @+ &)+ x’ €+ Ix (2 + o).

From (3.4;26) then follows that, for x; < x, | %1 | = x4, | X | = %,

— > Pla=al=

a=[u+x,0+1]

] [p1+ %0}

a o tiammes
(3.4;28) P l:xl < = - ﬂ}é Xo

YN (L (n) Getma c—p)\2 N

— T exp304 - 2 - exp )— 3 ,
V2! N—1 0/ ) a=(u+x0+1] O o N—r1

where

[I-Ll"l"xﬂa] I a4 — 2 N
Z ~ exp 3 - % ( Iu”l) g
o N—1

Xg

1S a Riemann-sum approximating the integral f e dx. Hence we proved

that for any finite x; and x, with x; << x, 2
r
: Ay — A2
(3.4;29) lim [xlé = < x2] = - f e ¥ dx.

Remark

A proof of the asymptotic normality of the distribution of 1 M1 ynder
the more stringent conditions (1;5) and g

1. r tends to infinity with v,

4:20 . m
(3-4;30) 2. liminf — > o
oo N

has been given by G. M ad o w (1948).
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4. The cases where the distribution of 4, does not have a limit

In this section we consider case B of section 2. It will be proved that in this
case the distribution of a, does not have a limit. In case B we have: at least oné

of the limits Iim u; and lim 02 does not exist and the following cases may
Y00 P—= 00

be distinguished.

I. lim o? exists, then (cf (2;7) and (2;10))

(4;1) o< T* =S l1_<2-1+”'\" Q0.
Then two subsequences {»' } and {¥"} of the sequence {7} exist with

lim N = oo, lim N = oo,

(4 > ) V' —>»00 P’ > 00
) . .
hm u;, = 4,, lmp, = 1,;.
v —>00 P'—00

From theorem 2 it then follows that a; has asymptotically for »" — o0 a
binomial distribution with mean 4,, and variance 72. Further, if 72 < 4,_,
a; has asymptotically for »" — oo a binomial distribution with mean 4, and
variance 7%; if 7% = A;_ 1t follows from theorem 3 that g, has asymptotically
for ¥ — 0o a Poisson distribution with parameter 4,_. Consequently the dis-
tributions of a, for " — oo and for ¥" — oo are not identical; i.e. a; does not
have a limit distribution for v — oo.

II. lim 0% does not exist. Then (cf (2;7) and (2;10))

P> 00

(4:3) So < T4 S Ay, T2 A < 0o,
’ ( T 21,2, A= A4,

Then two subsequences {¥»'} and {¥»"} of the sequence {v} exist with

lim N = oo , lim N = oo,

v —>00 P —> 00

(4;4) .. .
lim 0% = 72_, lim 0% = 7?2

v/ —>00 V' —>00

and the following two cases may be distinguished.

1. at least one of the limits lim ¢, and lim u, does not exist. Then 1t follows
y —> 00 P’ —> 00

from the foregoing that a; does not have a limit distribution for »"— oo

and (or) for »" — oo. Consequently in this case a, does not have a limit distribu-

tion for v — oo.
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2. A €L lim y; and 4,” & lim u, exist. Then (cf (4:3))
V' —> 00 V'— 00
1 2< A/ <o, o< 1,25 A7
(4;5) S : P 2 " 1
( T2l T,

and a; has a limit distribution for " — oo and for »" — co. The limit distribu-
tion of a, for »" — 00 i1s

a. a degenerate distribution if 7_2 = o (then also 4, = o),

b. a non-degenerate binomial distribution with mean A,” and variance 7_2
if 7.2 < 4,

c. a non-degenerate Poisson-distribution with parameter 4,", 1f 7_2 = 1, > o.

The limit-distribution of a; for " — 00 1s

a. a non-degenerate binomial distribution with mean 4,” and variance 7,2
’ /4
it 7,2 << 4,7,
b. a non-degenerate Poisson-distribution with parameter 4;" if 7,2 = 4," < oo,
c. after standardization a normal distribution if 7,2 = 4,” = 0o. From

7_2 < 742 1t then follows that the distributions of a; for »" — oo and for
" — 00 are not identical.
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